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2.2 FT-Transformer

j FT-Transformer tokenizer
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485 4,863 2,238,748 B2 B3 B4
checkpoint
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4.2 B2 B3 B4

B2 B3 B4 50 tokenizer 8 token CLS
51 × 8 Encoder 2 pre-LN Transformer 2 4

8 → 16 → 8 GELU Encoder final LayerNorm CLS head
LayerNorm

B2
ŷi,t = w⊤

2 hi,t + b2, (3)

hi,t ∈ R8 B3

ŷi,t = w⊤
3 [hi,t;mt] + b3. (4)

B4 conditioner 7 → 16 → 16

qt = Dropout0.1(GELU(W1mt + b1)), (5)

[∆γt;βt] = W2qt + b2, (6)

h̃i,t = (1 +∆γt)⊙ hi,t + βt, (7)

ŷi,t = w⊤
o h̃i,t + bo. (8)

∆γt, βt ∈ R8 Conditioner W2, b2 B2 head
B2 B3 B4 2,049 2,056 2,449

50
Tokenizer

50 8 token [CLS] token
2 pre-LN Transformer
2 FFN 8→16→8

encoder final LN
hCLS ∈ R8

B2 | 2,049
CLS head LayerNorm

Linear 8 → 1

ŷ

B3 | 2,056
CLS head LayerNorm

mt ∈ R7

15

Linear 15 → 1

ŷ

mt 7

B4 | 2,449
CLS head LayerNorm

CLS
(1 + ∆γt)⊙ hLN + βt

Linear 8 → 1

ŷ

mt ∈ R7 Linear 7 → 16

GELU Dropout 0.1 Linear 16 → 16

∆γt, βt ∈ R8

1: B2 B3 B4 B4 CLS head LayerNorm Encoder
LayerNorm

4.3

AdamW 10−3 10−5 Huber Loss δ = 1 batch size
4,096 10 epoch patience 3 Attention FFN dropout 0.1 B4 conditioner
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dropout 0.1 seed 20260722 Huber Loss checkpoint B2 B3
9 epoch B4 7 epoch 4 epoch

5

5.1

P1 run 20260723T014153 preregistration.json
seed training_complete.json checkpoint

verification.json Wangwen B0/B1
P0.2 run 20260722T093202 B2 P1 P0.2

P1 manifest commit 0a08beb worktree dirty run
manifest code_manifest.json HEAD commit

Git commit

5.2

Pearson IC Spearman Rank IC

RankICIR =
meant(RankICt)

stdt(RankICt)
, (9)

Rank
ICIR RankICIRann =

√
252 RankICIR

R2 label_z R2

5 10 Top
run

485 1
10bp

rnettop,t = rtop,t − cτtop,t, (10)

rnetLS,t = rtop,t − rbottom,t − c(τtop,t + τbottom,t), (11)

c = 0.001
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6

6.1

1 2 2024–2025 B0 label_z R2 Top
B1 Top –

B3 Rank IC 0.113746 B2 Rank ICIR 0.907199 B4

R2 Rank IC ICIR Top Top

B0 Elastic Net 0.0096 0.0999 0.816 1.158% 1.498% 34.1%
B1 LightGBM 0.0065 0.1130 0.853 1.078% 1.512% 30.4%
B2 FT-Transformer 0.0055 0.1106 0.907 0.837% 1.236% 38.4%
B3 FT + 0.0065 0.1137 0.856 0.991% 1.440% 35.6%
B4 FT 0.0049 0.1076 0.894 0.791% 1.130% 40.2%

1: Top 10bp ICIR
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Rank ICIR（未年化）

五模型样本外预测表现：不存在单一模型全面胜出

来源：P0.2 20260722T093202；P1 20260723T014153（2024-2025 测试集）

2:

B3 B2 Rank IC 0.003190 R2 0.000971
0.002043 Rank ICIR 0.051085 seed

6.2

3
B0 Top

B1 B3 B4
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1 2 3 4 5 6 7 8 9 10
预测分数组（1=最低，10=最高）
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五模型十分组平均五日收益均逐组严格递增（描述性）

B0 Elastic Net

B1 LightGBM

B2 FT-Transformer

B3 FT + 市场拼接

B4 市场自适应 FT

来源：P0.2 20260722T093202；P1 20260723T014153（2024-2025 测试集）；纵轴为重叠五日远期收益均值，不是复利净值。
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Top 10% 日均持仓换手率

B3 改善深度模型收益，但交易权衡仍不支持 B4

来源：P0.2 20260722T093202；P1 20260723T014153（2024-2025 测试集）；收益为重叠五日持有期均值，不是逐日可复利净值。

4: 10bp Top
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63 日滚动 Rank IC 显示模型领先关系随时间变化

B0 B1 B2 B3 B4

来源：P0.2 20260722T093202；P1 20260723T014153（2024-2025 测试集）

5: 63 Rank IC

7

2010–2021 149
168 168 204 106 175 78
407 2 6 B2 B3 B4

B2 B3 B4

149 0.1001 0.1078 0.0889
168 0.1115 0.1052 0.1112
168 0.1189 0.1276 0.1205
204 0.1059 0.1035 0.1032
106 0.1118 0.1087 0.1146
175 0.1153 0.1288 0.1084
407 0.1114 0.1161 0.1076
78 0.1062 0.1015 0.1072

2: B2–B4 Rank IC
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来源：P0.2 20260722T093202；P1 20260723T014153（2024-2025 测试集）；状态阈值仅由 2010-2021 训练期拟合。

6: Rank IC
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2.

3. 10bp
1

4.
5. CPU

6. run dirty worktree
Git commit source snapshot

seed

B4

10

A
– Elastic Net R2 Top

LightGBM FT B3 Rank IC
seed CLS B4 B2/B3

A 50
seed

run

A

P2 20260723T120956 p2 --config configs/p2.toml
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artifacts/p1/20260723T014153/
metrics_summary.csv

B0/B1 P0.2 B2/B3/B4
P1

artifacts/p1/20260723T014153/
market_state_rank_ic.csv

Rank IC

artifacts/p1/20260723T014153/
preregistration.json

seed

artifacts/p1/20260723T014153/
training_complete.json

checkpoint

artifacts/p1/20260723T014153/
code_manifest.json

SHA-256

artifacts/p2/20260723T120956/
manifest.json

artifacts/p2/20260723T120956/
verification.json

CSV/JSON

B

cd workspace
.venv/bin/python -m p02_baselines.p2_reporting --config configs/p2.toml
.venv/bin/python -m pytest -q
cd paper
TECTONIC_CACHE_DIR=/private/tmp/ai-fin-camp-p2-tectonic-cache \

tectonic -X compile --outdir build --outfmt pdf --print \
--untrusted main.tex

cp build/main.pdf market_adaptive_ft_transformer.pdf
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